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Spatial Correlation

The correlated random effects of the marker-specific variance, bj ’s,
has a variance-covariance matrix
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where q is number of markers. This is a spatial correlation defined
for the second level of DHGLM.
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Conclusions & Discussion

Using h-likelihood, the all-marker shrinkage analysis can be
done with a non-Bayesian framework.

The DHGLM algorithm is fast and is able to handle various
distribution families.

Good starting values lead to faster convergence.

Xia Shen (Uppsala University) Genome-wide mapping via h-likelihood
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Implementation

R package hglm (Rönnegård, Shen & Alam 2010).

New implementation is in progress...

Xia Shen (Uppsala University) Genome-wide mapping via h-likelihood
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